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ETHicAL DecisioN-MAKING IN Al-DRrivEN HIRING PROCESSES:
ENSURING FAIRNESS AND ACCOUNTABILITY

Mohammad Abu Faiz*

Abstract s more and more businesses use artificial intelligence (Al) to streamline their employment procedures, moral issues must be
taken into account to maintain equity and avoid prejudice. This abstract explores the critical area of moral decision-making in Al-assisted
hiring, emphasising methods to guarantee accountability and equity. When Al technologies are used in hiring, problems with algorithmic
bias arise that, if not carefully handled, can prolong social injustices. This paper examines the moral implications of Al-powered employment
procedures, highlighting the necessity of algorithmic decision-making's openness and explicability. It looks into how biased training data
affects employment decisions and suggests countermeasures to improve equity. The abstract also covers the significance of including a range
of viewpoints in the creation and assessment of AI models to prevent the reinforcement of previous societal prejudices. The abstract also
emphasisses the need for accountability mechanisms in the implementation of Al-driven recruiting systems, arguing in favour of explicit
policies, frequent audits and ongoing observation. This research adds to the existing conversation on responsible Al adoption by highlighting
the ethical issues in Al-driven hiring, to promote an efficient, equitable and socially conscious recruitment environment. The study had
considered 237 people from recruitment departments of different organisations to know different factors that determine ethical decision-
making in Al-driven hiring processes ensuring fairness and accountability and found that Algorithmic Transparency, Legal and Regulatory
Compliance, Fairness and Avoidance of Discrimination and Ethical Frameworks are the factors that determines ethical decision-making in

Al-driven hiring processes ensuring fairness and accountability.
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INTRODUCTION

The use of artificial intelligence (Al) has become a
common and revolutionary force in the rapidly changing
field of human resources and recruitment. Al-driven hiring
procedures are efficient and objective, but they also present
moral dilemmas that need to be carefully thought through.
This research paper explores the moral implications of Al
hiring, emphasising the need for responsibility, justice and
transparency in the decision-making process.

Authors like Gebru and Crawford (2018) have added a great
deal to the conversation around the moral implications of Al
systems, especially when it comes to employment. Gebru and
Crawford stress the significance of conducting a thorough
analysis of how Al technologies affect underprivileged
groups, highlighting how prejudices embedded in algorithms
can exacerbate and sustain already existing social injustices.
Their work emphasises how morally crucial it is to reduce
bias in Al-driven recruiting procedures to guarantee equal
opportunities for all applicants.

Furthermore, Dastin (2018) asserts that the potential
reinforcement of discriminatory patterns seen in historical
data is a critical component of ethical decision-making
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in Al-driven hiring. When recruiting, Al systems may
unintentionally reinforce and even magnify prejudices found
in the training datasets that were used to create them. To
stop historical injustices from happening again, debiasing
techniques and careful examination of training data are
crucial.

Ethical Al-driven recruiting processes must also incorporate
explainability and transparency. The opacity of Al
algorithms can result in a lack of accountability, as claimed
by Floridi and Cowls (2019), making it more difficult to
recognise and address instances of prejudice. Transparency
is a top priority for businesses using Al in hiring, and they
should be transparent about how their algorithms work and
the standards they apply to assess applicants. This openness
promotes trust and gives candidates and hiring managers the
ability to comprehend and, if needed, contest decisions.

Furthermore, according to Diakopoulos (2016), creating
procedures for recourse in the event of unfair or biased
results is a necessary part of accountability in Al-driven
hiring. Without well-defined accountability structures,
accountability for biased judgements could continue to
elude recognition, hence sustaining a lack of confidence in
Al systems. Ensuring that ethical norms are upheld requires
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incorporating accountability into the design and use of Al
systems.

In conclusion, establishing a just and inclusive labour
market depends critically on ethical decision-making in
Al-driven employment procedures. The writings of Gebru,
Crawford, Floridi and Cowls highlight the necessity of
addressing prejudices, encouraging openness and putting
in place systems for accountability. Dedication to ethical
issues is necessary as businesses integrate Al into their
recruiting procedures to reduce the possibility of escalating
and maintaining social injustices.

LITERATURE REVIEW

The foundation for comprehending fairness in algorithmic
systems was established by Dwork (2012). The notion of
“fairness through awareness” is presented by the author,
who also highlights the importance of integrating fairness
into the Al systems’ design process.

Barocas and Hardt (2019) contribute to the discussion
by analysing the inherent compromises between various
conceptions of justice. They draw attention to the difficulties
in attaining justice and make the case for a thorough
comprehension of justice that takes into account numerous
factors.

The General Data Protection Regulation (GDPR) and its
consequences for automated decision-making are examined
by Wachter et al. (2017). The authors address the difficulties
and opportunities of offering counterfactual justifications
for judgements made by Al while highlighting the right to
explanation.

The global landscape of Al ethics standards is surveyed
by Jobin et al. (2019), who also throw light on the varied
approaches and recommendations offered by various
organisations. Their research highlights the necessity of
tackling ethical issues in Al applications, such as hiring
procedures, through a multidisciplinary and inclusive
approach.

In order to shed light on the ethical implications of Al
systems, Mittelstadt et al. (2016) provided a thorough
overview of the ethical discussion around algorithms. The
authors talk about different frameworks for moral decision-
making and how those frameworks affect the creation of just
and responsible Al-driven hiring procedures.

Dignum (2019) discussed about the idea of responsible
Al Furthermore, the author also argued in favour of using
human-centred design principles while creating Al systems.
The study sheds light on the significance of integrating
ethical and moral principles into Al systems.

Bryson et al. (2017) make the case for including public
participation in decision-making processes while discussing
the ethical and legal issues raised by Al systems. In forming
Al technology, the paper highlights the significance of
democratic values and ethical considerations.

Writers like Dastin and Angwin (2018) have drawn attention
to the innate prejudices found in Al systems, which have
the potential to uphold prejudice towards particular
demographic groups. Their investigative journalism work
clarified how biases in Al hiring tools can unfairly harm
candidates who identify as women or minorities. The
authors also covered the difficulties in attaining equity and
preventing discrimination, highlighting the significance of
carefully examining the training data that these systems
use.

To create just and moral Al systems, Chouldechova (2017)
highlighted the importance of stakeholders, which includes
data scientists as well as those who are affected by Al
judgements. Al-driven hiring solutions are developed in a
way that guarantees a more equitable and inclusive process
through collaboration.

Friedler et al. (2019) examine algorithmic bias and point
out the difficulties in guaranteeing fairness in machine
learning models, particularly when it comes to recruiting.
They contend that historically ingrained disparities can be
sustained by biased algorithms and demand proactive steps
to rectify these prejudices. The authors also highlighted
the necessity for a nuanced approach by discussing the
trade-offs between various conceptions of fairness in
algorithmic decision-making. Weller et al. (2020) examined
the significance of explainability in Al systems and made
the case that open and visible decision-making procedures
are necessary to foster accountability and confidence. They
put forth a methodology for assessing and enhancing the
openness of Al models applied to employment situations.
When designing and implementing Al systems for hiring,
Holstein and Wortmann (2021) argue that human needs
should come first. They put forth an ethical framework
that places a high priority on human values and highlights
the necessity of including a variety of stakeholders in the
development process.

Van Wynsberghe (2019) offers valuable perspectives on the
legal and regulatory obstacles linked to Al in employment.
The author examines the effects of current rules and
legislation and emphasises the necessity of thorough
guidance to handle moral dilemmas in this field.

Narayanan et al. (2018) offer workable methods for
reducing prejudice in Al-powered recruiting procedures.
Their work, which focuses on algorithmic interventions, is
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a great resource for businesses looking to improve hiring
algorithms’ fairness.

The ethical issues surrounding Al in hiring were examined
by Dando & Wilkenfeld (2020), who emphasised the
necessity for justice and openness. The authors made
the case that for recruiting practices to become trusted
by organisations and candidates alike, decision-making
algorithms must be transparent.

Bias and prejudice are two main issues with Al-driven
hiring. Sweeney (2013) brought attention to the problem
of algorithmic discrimination and the potential for
unintentional prejudices to be reinforced by Al systems. To
reduce biases in algorithms used for employment decisions,
the author urged greater awareness and examination.

To tackle the issue of lack of diversity in Al-driven hiring
practices, Raji and Buolamwini (2018) presented the notion
of “algorithmic accountability: a primer.” The authors
emphasised how crucial it is to use varied datasets and
fairness criteria in Al-driven hiring to reduce bias and
advance inclusivity. Smith and Anderson (2017) examined
the viewpoints of many stakeholders, such as hiring
managers, Al developers and job candidates, concerning
ethical recruiting practices in Al. The study made clear
how important it is for stakeholders to work together
and communicate honestly to develop moral norms and
principles.

Taddeo (2017) examined the lack of accountability in
large data systems and suggested ways to improve it. The
article addresses the function of ethical standards and legal
frameworks in guaranteeing responsibility in Al-powered
employment procedures. According to Molnar et al. (2019),
explainability and transparency are essential components
of ethical Al. They support the creation of interpretable
models to improve user confidence and understanding. In
the recruiting context, this entails giving candidates and
employers an understanding of the variables impacting
selection by offering explanations for Al-driven decisions.

According to Holgate and Tzanou (2019), algorithmic
choices and profiling throughout the hiring process may
be affected by the GDPR. In order to guarantee the ethical
application of Al in recruiting procedures, the article clarifies
the legal and regulatory frameworks.

OBJECTIVE

e To explore different factors that determine ethical
decision-making in Al-driven hiring processes
ensuring fairness and accountability.

METHODOLOGY

The study had considered 237 people from recruitment
departments of different organisations to explore different
factors that determine ethical decision-making in Al-driven
hiring processes ensuring fairness and accountability. The
data of the study was collected through “random sampling
method” and analysed by “Explanatory Factor Analysis
(EFA)”.

Findings

The table below shares general details of the respondents
where 237 people were surveyed to conduct the study. About
51.9% of them are male and the rest 48.1% are female.
Among them 34.2% of the respondents are below 40 years
of age, 40.9% are between 40 and 45 years of age and rest
24.9% are above 45 years of age. Around 38.0% of them
have work experience of less than 5 years in the recruitment
department, 33.3% are working for 5-8 years and the rest
28.7% have work experience of more than § years.

Table 1: General Details

Variables Respondents | Percentage

Gender

Male 123 51.9

Female 114 48.1

Age (years)

Below 40 81 342

40-45 97 40.9

Above 45 59 24.9

Work experience

Less than 5 years 90 38.0

5-8 years 79 333

More than § years 68 28.7

Total no. of respondents 237

Factor Analysis
Table 2: KMO and Bartlett’s Test

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. .887
Approx. Chi-Square 3976.880

Bartlett’s Test of Sphericity | df 171
Sig. .000

In table above “KMO and Bartlett’s Test” above, KMO
value found is .887.
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Table 3: Total Variance Explained

Component Initial Eigenvalues Rotation Sums of Squared Loadings
Total | % of Variance Cumulative % | Total | % of Variance Cumulative %
1 8.238 43.356 43.356 4.329 22.782 22.782
2 2.586 13.610 56.967 3.438 18.095 40.878
3 2.248 11.832 68.799 3.430 18.052 58.930
4 1.538 8.093 76.892 3413 17.962 76.892
5 702 3.695 80.587
6 .641 3.372 83.959
7 486 2.560 86.519
8 .397 2.088 88.607
9 324 1.704 90.311
10 308 1.619 91.931
11 267 1.407 93.337
12 256 1.349 94.687
13 230 1.213 95.900
14 207 1.087 96.987
15 174 916 97.903
16 138 724 98.627
17 125 .656 99.283
18 .076 401 99.685
19 .060 315 100.000

All 4 factors explain a total 76% of the variance. The  18.052% and the fourth factor explains 17.962% of the
variance explained by the first factor is 22.782% followed  variance.
by the second factor with 18.095%, the third factor having

Scree Plot
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Above is the graphical presentation of the Eigenvalues
obtained from the total variance explained table.
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Table 4: Factors and Variables

Sr. No. Statements Factor Loading | Factor Reliability
Algorithmic Transparency 952
1. Al models must offer transparent explanations of their decision-making procedures. .856
5 Proyi.de information about the features or variables that significantly influenced the 849
decision.
3. Document the algorithms used in the hiring process thoroughly. .839
4 Identify and address potential biases in the algorithm by conducting regular bias 31
assessments.
5. Design user interfaces that provide insights into the decision-making process. 172
Legal and Regulatory Compliance 934
6. Comply with EEO (Equal Employment Opportunity) laws. .886
7 Ensure tha.t Al models do not perpetuate or amplify biases related to these 283
characteristics.
Adhere to data protection regulations. .867
9. Ensure that privacy is considered at every stage of the hiring process. .863
Fairness and Avoidance of Discrimination .889
10. Training data employed in the development of Al models is diverse and representative. .897
1. Ensure that the model is exposed to a broad range of candidate characteristics. .878
12. Conduct regular audits. .835
13. Establish fairness metrics that align with organizational values and legal standards. .668
14. Design Al models to exclude sensitive attributes. .641
Ethical Frameworks 876
15. Provide ethical training for employees involved in the Al-driven hiring process. .862
16. Prioritize equal opportunities for all candidates. .825
17. Promote transparency in the Al-driven hiring process through open communication. 798
18, C}e@rly define roles and responsibilities within the organization regarding Al-driven 728
hiring.
19. Prioritize the protection of candidate privacy. .696

Table above is showing different factors that determines
ethical decision-making in Al-driven hiring processes
ensuring fairness and accountability where first factor is
Algorithmic Transparency and includes the variables like
Al models must offer transparent explanations of their
decision-making procedures, provide information about
the features or variables that significantly influenced the
decision, document the algorithms used in the hiring
process thoroughly, identify and address potential biases
in the algorithm by conducting regular bias assessments
and design user interfaces that provide insights into the
decision-making process. Legal and Regulatory Compliance
is second factor and variables associated with it are comply
with EEO (Equal Employment Opportunity) laws, ensure
that Al models do not perpetuate or amplify biases related
to these characteristics, adhere to data protection regulations
and ensure that privacy is considered at every stage of the
hiring process. Third factor is Fairness and Avoidance of
Discrimination and it includes the variables like training data
employed in the development of Al models is diverse and

representative, ensure that the model is exposed to a broad
range of candidate characteristics, conduct regular audits,
establish fairness metrics that align with organisational
values and legal standards and design Al models to exclude
sensitive attributes. Last factor is Ethical Frameworks
and its supporting variables are providing ethical training
for employees involved in the Al-driven hiring process,
prioritise equal opportunities for all candidates, promote
transparency in the Al-driven hiring process through open
communication, clearly define roles and responsibilities
within the organisation regarding Al-driven hiring and
prioritise the protection of candidate privacy.

Table 5: Reliability Statistics

Cronbach’s Alpha N of Items
921 19

Table above is showing the reliability which is 0.921 of all
the 19 items that includes the variables related to ethical
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decision-making in Al-driven hiring processes ensuring
fairness and accountability.

CONCLUSION

In conclusion, maintaining the values of justice and
accountability in Al-driven recruiting procedures requires
moral decision-making. Al is becoming a more significant
factor in hiring decisions; therefore, ethical issues must
direct its application to prevent prejudice and discrimination
from being reinforced. Building confidence in the hiring
process requires finding a balance between the efficiency
gains of Al and the defence of individual rights. Algorithmic
biases must be addressed, the AI’s decision-making
process must be openly communicated and the system
must be routinely audited and updated to ensure fairness.
Organisations must be held accountable for the results of Al-
driven recruiting, which means they must quickly identify
and fix any mistakes. Additionally, creating ethical norms
and guidelines requires cooperation between technologists,
ethicists, legislators and other stakeholders. Organisations
can foster an inclusive and equitable recruiting environment
by adhering to ethical values. This method protects against
the unforeseen effects of biased algorithms in addition
to being consistent with society’s values. In an era where
responsible technology adoption is essential to corporate
and social well-being, ethical decision-making in Al-driven
hiring not only protects individual rights but also enhances
the long-term performance and reputation of organisations.

The study was conducted to explore different factors that
determine ethical decision-making in Al-driven hiring
processes ensuring fairness and accountability and found
that Algorithmic Transparency, Legal and Regulatory
Compliance, Fairness and Avoidance of Discrimination and
Ethical Frameworks are the factors that determine ethical
decision-making in Al-driven hiring processes ensuring
fairness and accountability.
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