
24      International Journal of Applied Marketing and Management	 Volume 1 Issue 1 2016

Abstract

Mobile phones have undeniably brought a paradigm shift, affecting 
both the lives of people and the business environment. Today, 
mobile phone has permeated the lives of billions of people around 
the world; becoming for many an indispensable device. Moreover, 
adoption of mobile banking has significant impact on reducing 
costs and enabling change in retail banking. Factors influencing 
the intention to use or adopt mobile banking are very important 
and will play a vital role for mobile banking service providers. 
The proposed study focuses on a comprehensive set of potential 
factors that influence the adoption of mobile banking. The research 
model identifies appropriate factors and captures dependency 
relationships among these factors in the form of a number of 
hypotheses to be tested in this research.

This paper aims to design a scale with a high degree of reliability, 
validity, and dimensionality which helps to determine the appropriate 
technology adoption model based on the identified constructs, 
viz. Optimism (OPTI), Innovativeness (INNO), Insecurity (INSC), 
Discomfort (DISC), Perceived Usefulness (PU), Perceived Ease of 
Use (PEU), Perceived Risk (PR), Subjective Norms (SN), Attitude 
(ATTI), Behavioural Control (BC) and Behavioural Intention (BI).
The data were collected through questionnaire survey from 201 
respondents comprising software engineers, bank employees, 
professors, entrepreneurs. Confirmatory factor analysis was used 
to test the validity of the proposed measurement scale for all the 
identified constructs. This instrument helps bankers to determine 
and design there applications which will contribute to the knowledge 
of predicting customer intention.
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Introduction

The review of literature on adoption models in the area of 
mobile banking reveals that there is a growth in academic 
research examining the determinants of M-banking 
acceptance and its utilisation (Crabbe, Standing, Standing, 
& Karjaluoto, 2009; Donner & Tellez, 2008; Gu, Lee & 
Suh, 2009; Luarn & Lin, 2005; Mattila, 2003; Riquelme & 
Rios, 2010). Mitropoulos, Othonos and Douligeris (2013) 
provide a state-of-the-art approach to the development 
of an effective and secure web banking system. First, it 
presents the latest trends and advancements on web system 
development and operational requirements of e-banking 
environments. Then, it presents a prototype web banking 
system by providing its analysis and design based on the 
waterfall model through the use of workflow and UML 
diagrams, as well as its implementation approach based 
on web programming technologies such as active server 
pages and web services. The system development gives 
emphasis on security standards, by using SSL protocol, the 
security techniques that are provided by.Net framework, 
and a role-based access control (RBAC) model. At the 
end, a multi-perspective system evaluation, which is 
based on the balanced scorecard method, proves the high 
applicability and significant value of the proposed system.

Khan and Dominic (2014) reported that the use of online 
systems is emerging very rapidly in developing countries. 
Internet technology becomes a vital part of every business. 
Their study investigated the acceptance rate of an online 
system by the user to make their transactions online 
through the Internet using TAM and proposed a new 



Validating the Measurement Constructs Affecting the Technology Adoption in Indian Mobile Banking Industry       25

model for the online system acceptance. The perceived 
ease of time was a new additive variable in the modified 
TAM. 

Studies have been conducted in various countries to better 
understand consumers’ attitudes toward this emerging 
mobile technology. For example, Mattila (2003) focused 
on the drivers and inhibitors of mobile banking services. 
A study by Sripalawat Thongmak, and Ngramyarn 
(2011) examined positive and negative factors affecting 
m-banking acceptance in Thailand. Subjective norms, 
perceived usefulness, perceived ease of use, and self-
efficacy were considered as the positive factors, while 
device barrier, perceive drisk, lack of information, 
and perceived financial cost as negative factors. They 
found that the positive factors have more influence than 
negative factors towards the acceptance of technology. 
Among the positive factors, subjective norm is the most 
influential factor in m-banking adoption in Thailand. 
Crabbe et al. (2009) examined the impact of social and 
cultural characteristics on m-banking adoption in Ghana. 
They showed that social and cultural factors in the form 
of perceived credibility, facilitating conditions, perceived 
elicitation and demographic factors play an important role 
in influencing adoption and sustained usage. In addition, 
perceived credibility and facilitating conditions also 
influence attitudes towards the technology. Barnes and 
Corbitt (2003); Barnes and Scornavacca (2005) suggest that 
recent innovations in telecommunications have enabled the 
launch of new access methods for banking services. One 
of these is; where by a customer interacts with a bank via 
a mobile device such as a mobile phone or personal digital 
assistant. For  consumers in the developing countries, the 
appeal of m-banking may be less about convenience, but 
more about accessibility and affordability due to network 
coverage, quality connection, and costs (Donner & Tellez, 
2008). Riquelme and Rios (2010) examined the factors 
influencing adoption of m-banking among current users 
of Internet banking. Moreover, adoption has significant 
impact on reducing costs and facilitating change in retail 
banking (Laukkanen & Lauronen, 2005). Cruz, Neto, 
Munoz-Gallego, and Laukkanen (2010) and Dasgupta, 
Paul, and Fuloria (2011) suggested that has great potential 
to provide reliable services to people living in remote 
areas where internet facility is limited. (Riquelme and Rios 
2010) found that usefulness, social norms, and social risk 
are factors that influence the intention to adopt services 
the most. Services in India are still in then ascent stage, 
promising to be medium to reach the unbanked rural mass 

which stands at 41%. The transaction volumes of which 
are very low (Chakrabarty, 2010). A study by A study by 
Safeena, Date, Kammani, and Hundewale (2012) found 
that mobile banking is the latest and most innovative 
service offered by the banks. The transformation from 
the traditional banking to e-banking has been a ‘leap’ 
change. The evolution of e-banking started from the use 
of Automatic Teller Machines (ATMs) and telephone 
banking (tele-banking), direct bill payment, electronic 
fund transfer and revolutionary online banking. This study 
determines the consumer’s perspective on mobile banking 
adoption.

Selamat, Jaffar, and Ong (2009) examined the determinant 
factors and acceptance of information technology in the 
Malaysian banking industry. The Technology Acceptance 
Model (TAM) was employed to study the perceived 
usefulness, perceived ease of use, social pressure, 
perceived enjoyment and fun, as well as the perceived 
complexity of IT usage and acceptance of Malaysian 
bankers. The findings of this study indicated that perceived 
usefulness was the most influential factors in determining 
micro computer usage among bankers.

Yan, Nor, Shanab, and Sutanonpaiboon (2009) have 
examined the factors that influence the intention to use 
a mobile payment solution for mp3 downloading among 
university students. Drawing from the Technology 
Acceptance Model, Theory of Planned Behaviour and 
previous literatures, five factors were hypothesized to 
influence the intention use the payment solution, namely 
perceived usefulness, perceived ease of use, trust, 
perceived price level, and peer influence. Trust and peer 
influence were found to have significant effect on the 
intention to use the payment solution.

Chandio, Irani, Abbasi, and Nizamani (2013) extended 
the research on the technology acceptance model (TAM), 
which besides TAM’s original predictors of perceived 
usefulness (PU) and perceived ease of use (PEOU), 
included trust (TR) as an additional belief factor to predict 
the behavioural intention (BI) to use an online banking 
information system (OBIS). The model was tested on 
a sample of 353 Internet users in Pakistan and highly 
significant paths were observed between the additional 
new factor of trust and the PU, followed by PU and BI. 
These findings suggest that inclusion of an additional 
factor within TAM extends its capability and validity to 
predict the individual’s acceptance behaviour towards 
OBIS.    
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Aboelmaged and Gebba (2013) study aims at extending 
our understanding regarding the adoption of mobile 
banking through integrating Technology Acceptance 
Model (TAM) and Theory of Planned Behaviour (TPB). 
They found that a significant positive impact of attitude 
toward mobile-banking and subjective norm on mobile 
banking adoption. Surprisingly, the effects of behavioural 
control and usefulness on mobile banking adoption were 
insignificant. Furthermore, the regression results indicated 
a significant impact of perceived usefulness on attitude 
toward mobile banking while the effect of perceived 
ease of use on attitude toward mobile banking was not 
supported. Similarly, Safeena, Kammani, and Date (2013) 
used the integrated TAM and TPB model to determine the 
factors for the consumer acceptance of internet banking 
and investigated the influence of perceived usefulness, 
perceived ease of use, subjective norm, attitude and 
perceived behavioural control on use of IB among 
consumers.

AliSaleh and Khalil (2013) reported that he explosion of 
Internet usage and the great funding initiatives in electronic 
banking have taken the attention of researchers towards 
Internet banking. At the beginning, the conventional focus 
of Internet banking research has been on technological 
infrastructure, but this is now shifting to user-focused 
research. Although millions of dollars have been paid to 
invest in the Internet banking services, reports have shown 
that potential users may not use these services. A great 
deal of research has been conducted in various countries to 
determine the factors that influence acceptance of Internet 
banking. However, these studies have not taken into 
account emotional dimension that related to individuals’ 
technology readiness. The authors reported that attitude, 
subjective norm and perceived behavioral control have 
a significant positive effect on individuals’ intention to 
adopt the Internet/mobile banking service. 

Guhr, Loi, Wiegard, and Breitner (2013) suggested that 
there is a high potential for mobile-payment services, but 
the mere existence of such services does not mean that 
the market is ready for them. M-payment services must 
add value to attract new users. The authors investigated 
how technology readiness (TR) influences customers’ 
perception and acceptance of m-payment. Evaluation 
results based on an extended TA model (TAM) show 
that user acceptance of m-payment differs influenced by 
constructs.

Reddy and Mallikarjuna (2013) examined the factors 
which will influence the adoption of net banking by using 

technology acceptance model (TAM). They found   that 
factors perceiving usefulness, ease of use, enjoyment, 
customer traits, self-efficacy, related advantage, credibility 
and trail ability significantly influenced customers’ 
adoption towards usage of net banking.

Kumar et al. (2013) integrated Mcknight’s web trust model 
with TAM in context of adoption of Internet banking. It 
identifies the antecedents of different types of trust and 
examines their relative role in building the trusting beliefs 
that in turn influence not only the adoption but also the 
level of adoption of Internet banking.

Alqasa, Isa, Norezam, and Zolait’s (2014) study examined 
the ability and application of the theory of reasoned action 
(TRA) in explaining the use of banking system in Yemen. 
It investigated the impact of two theoretical variables 
(attitude and subjective norms), using a sample consists 
of university students, on individuals’ intention to use 
banking services. The results of the study revealed a strong 
predictive power of the theory of reasoned action model 
to explain university students’ behavioural intention to 
use banking services. 

Jaradat and Mashaqba (2014) introduced a modified 
Technology Acceptance Model 3 (TAM3) to investigate 
key factors that affect individuals’ intention to adopt and 
use mobile payment (M-payment) in Jordan. They used a 
questionnaire that was distributed to 475 undergraduate 
university students by using a proportional stratified 
random sample, and analysed by using a structural equation 
modelling (SEM). Results show that user’s adoption and 
use of M-payment services can be anticipated from users’ 
behavioural intentions, which are significantly affected 
by the following: perceived usefulness, perceived ease of 
use, subjective norm, image, output quality, self-efficacy, 
perceptions of external control, and playfulness. This 
study shows that there is a promising and bright future 
for M-payment services in Jordan as more than 62% of 
respondents said that they are willing to merchandise by 
using their mobile phones.

Two major impediments to consumers’ adoption of 
mobile banking and mobile payment technologies are (1) 
concerns about security and (2) the possibility of hackers 
remotely accessing consumers’ phones. Concerns about 
the security of the technology were the primary reason 
given for not using mobile payments 42%, and the second 
most common reason given for not using mobile banking 
48% altogether
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Mobile-based payments and commerce ecosystem are 
still at a nascent stage and hence, acceptance among 
merchants and customers is currently low but is bound to 
increase over a period of time though the mobile banking 
offers distinct benefits to bankers and customers as well, 
the actual usage is mistakes. If the process of mobile 
banking is to be repeated the banks will have to direct 
their marketing and promotional efforts using scientific 
principles.

Taking this into consideration, the present study focuses 
on a comprehensive set of potential determinants that 
influence the adoption of mobile banking. For this 
purpose, theory of planned behaviour (TPB), technology 
acceptance model (TAM), technology readiness index 
(TRI), and perceived risk was used to construct a 
conceptual model to study the adoption intention of 
mobile banking. It is important for mobile banking 
service providers to understand the factors influencing 
the intention to use or adopt mobile banking. Further, this 
study also validates the in instrument by explaining the 
behavioural intentions from the user’s perspective; the 
findings of this study not only help financial institutions 
to develop a more user-accepted mobile banking system, 
but also provide insight into the best way to promote new 
systems to potential users.

Constructs Used in the Research
	 i.	 Optimism is defined as “a positive view of technol-

ogy and a belief that it [technology] offers people 
increased control, flexibility, and efficiency in their 
lives” (Parasuraman & Colby, 2001, p. 34). It gener-
ally captures positive feelings about technology.

	 ii.	 Innovativeness is defined as “a tendency to be a tech-
nology pioneer and thought leader” (Parasuraman & 
Colby 2001, p. 36). This dimension generally mea-
sures to what degree individuals perceive themselves 
as being at the forefront of technology adoption. 

	 iii.	 Discomfort is defined as “a perceived lack of con-
trol over technology and a feeling of being over-
whelmed by it” (Parasuraman & Colby 2001, p. 
41). This dimension generally measures the fear and 
concerns people experience when confronted with 
technology.

	 iv.	 Insecurity is defined as a “distrust of technology 
and skepticism about its ability to work properly” 
(Parasuraman & Colby, 2001, p. 44). This dimen-
sion focuses on concerns people may have in face of 
technology-based transactions. 

	 v.	 Perceived usefulness has been defined as “the degree 
to which a person believes that using a particular 
system would enhance his or her job performance” 
(Davis, 1989, pp. 320).

	 vi.	 Perceived ease-of-use (PEOU) - Davis defined this 
as “the degree to which a person believes that us-
ing a particular system would be free from effort” 
(Davis, 1989).

	vii.	 Attitude toward user acceptance of technology is 
defined as an individual’s overall affective reaction 
(liking, enjoyment, joy, and pleasure) to use a tech-
nology (Davis, 1989; Taylor & Todd, 1995).

	viii.	 Subjective Norm (SN) or Normative Pressure (NP) 
is defined as a person‘s perception that most people 
who are important to her or him should or should 
not perform the behaviour in question (Fishbein & 
Ajzen, 1975).

	 ix.	 Perceived behavioural control is defined as “the per-
ceived ease or difficulty of performing the behav-
iour” (Ajzen, 1991, p. 188). 

	 x.	 Behavioural intention: The degree to which a per-
son has formulated conscious plans to perform or 
not perform some specified future behaviour. 

Research Methodology
Following are the stages involved in the research 
methodology in which the instruments for this research 
are developed and tested. The instrument development 
involved structured interviews followed by a pilot study. 
Rigorous statistical methods were used to assess and 
validate the constructs. The methods used were: content 
validity (using structured interviews), reliability (using 
Cronbach α) and confirmatory factor analysis (CFA) (for 
factor structure and initial validity).

Instrument Development
To ensure the content validity of the scales, the items 
selected necessarily represent the concept about which 
generalisations has to be made (Bohmstedt, 1970). 
The best way to ensure content validity is to select and 
adapt items from previously validated instruments. To 
the extent possible, we attempted to borrow items from 
prior research. The items and questions in the proposed 
questionnaire for the study have been adopted from the 
previous research; as mentioned earlier, the questionnaire 
has been pre-tested with the reputed experts (i.e. 10 experts 
from industry and 10 experts from leading b-schools). 
Table 1 shows the basis of instrument development and 
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also defines the constructs adopted for the study. The 
scales administered to collect the primary data as regards 
to various constructs used for the study are presented in 
table 1 below.

Table 1:    TRAPB Constructs and Measurement Items

Sl. No. Construct No. of items

1 Optimism 10
2 Innovativeness 7
3 Insecurity 9
4 Discomfort 8
5 Perceived Usefulness 5
6 Perceived Ease of Use 4
7 Behavioural Control 6

8 Attitude 3
9 Subjective Norm 5
10 Behavioural intention 3
Total 10 63

Source: Compiled by author

Analysis and Validation of the Scales
This study used the analysed data in three stages. The 
first was based on an exploratory study which consisted 
of maintaining exclusively those items which enabled the 

analysis of other dimensions or factors with a suitable 
degree of reliability or uni-dimensionality. The second 
stage was an exploratory factor analysis and the third the 
confirmatory study which discarded those items which 
did not enable suitable dimensionality for the entire 
construct of TRAPB constructs. In the above analysis 
the measurement properties of the TRAPB constructs 
were evaluated by assessing key components of construct 
validity. As per the guidelines of Bagozzi (1980) and 
Bagozzi and Phillips (1982), the following measurement 
properties are considered important for assessing the 
measures developed in this paper:
	 a.	 Content validity
	 b.	 Internal consistency of operationalisation (uni-di-

mensionality and reliability)
	 c.	 Convergent validity
	 d.	 Discriminant validity

Reliability Analysis 
The reliability of the measurement scale in the survey 
was tested using Cronbach’s alpha (α). Hair, Anderson, 
Tatham, and Black (1998) suggested that a value of 0.60 
and higher is often considered the criterion for internally 
consistent established factors. Scales reliability is 
presented in Table 2.

Table 2:    Reliability of the Measurement Instrument

Initial 
Items

Item Dropped 
based on

Experts Opinion

Mean Value
(N=201)

S.D.
Range of Item to Item 

Correlation

Cronbach’s
Alpha (α) 

Score

% of 
Variance

Optimism (OPTI) 10 9 3.91 1.014 0.393** - 0.569** .898 55.300

Innovativeness (INNO) 7 4 3.79 1.042 0.337** - 0.567** .752 58.258

Insecurity (INSC) 9 4 3.93 1.073 0.337** - 0.567** .707 53.438
Discomfort (DISC) 8 6 5.47 .801 0.268** - 0.637** .811 51.772
Perceived Usefulness 
(PU) 5 5 3.96 .977 0.313** - 0.623** .794 55.115

Perceived Ease of Use 
(PEU) 4 4 3.72 1.055 0.529** - 0.645** .859 70.311

Perceived Risk (PR) 6 6 5.51 .796 0.276** - 0.649** .826 53.699
Subjective Norms (SN) 3 3 3.47 1.190 0.580** - 0.757** .842 76.156
Attitude (ATTI) 5 5 4.03 .936 0.469** - 0.683** .868 65.860
Behavioural Control 
(BC) 3 3 1.072 1.072 0.448** - 0.473** .720 64.229

Behavioural Intention 
(BI) 3 3 4.03 0.977 0.573** - 0.618** .818 73.434

Total Items 63 52

**Correlation is significant at 0.01 level (2-tailed),*Correlation is significant at 0.05 level (2-tailed). 
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From Table 2 it was found that all the identified constructs 
showing reliability above the cut off are Optimism 
(OPTI), Discomfort (DISC), Perceived Ease of Use 
(PEU), Perceived Risk (PR), Subjective Norms (SN), 
Attitude (ATTI),and Behavioural Intention (BI).These 
constructs show reliability > 0.8. 

Result and Findings

Confirmatory Factor Analysis
The findings of the reliability tests were further supported 
by Confirmatory Factor Analysis (CFA) carried for all 
the constructs separately. CFA was used to assess the 
fit of the measuring items for describing the behaviour 
of the unobserved latent variables mentioned above. 
Confirmatory factor analysis (CFA) or a measurement 
model using AMOS 21 was employed for examining 
construct validity of each scale by assessing how well the 
individual item measured the construct (Ahire, Golhar, & 
Waller, 1996).

Measurement Scale for Attitude (Atti)
The CFA is conducted in two phases, initial value and 
final value as per the result generated for Attitude (Atti).
The initial values are Cmin/df – 1.768, RMR – 0.013, GFI 
– 0.993, NFI – 0.992,and CFI – 0.982.At the initial phase, 
only the values of the model fit indices satisfy the given 
cut offs (RMR > 0.01, GFI, CFI < 0.9, Cmin/df> 0.5). Fig. 
1 indicates final validated model for Attitude (Atti).
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Fig. 3:    Final Validated Model for Behavioural 
Control (BI)

Measurement Scale for Discomfort (DISC)
The CFA is conducted in two phases, initial value and final 
value as per the result generated for Discomfort (DISC).A 
total of 8 items were identified from the literature. The 
initial values for model fit indices are Cmin/df – 5.005, 
RMR – 0.057, GFI – 0.876, NFI – 0.793, and CFI – 0.824.
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The initial values do not satisfy the cut off for the model 
fit indices (RMR > 0.01, GFI, CFI < 0.9, Cmin/df> 0.5).
In step 1 the items loading less than 0.5 were dropped 
for item DISC 6 and 7.Hence based on the standardised 
regression weights, two items were dropped. The GFI 
value was modified to 0.938 from 0.876 and the CFI to 
0.916from 0.824 which is nearer to the suggested value 
of > 0.9 (Joreskog & Sorbom, 1989). Further the other 
fit indices viz., Cmin/df, RMR were also found to be 
satisfactory. As it was seen that further deletion of any 
item will not affect the output values and thus the nearby 
optimum value was achieved. Fig. 4 indicates final 
validated model for Discomfort (DISC).
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Measurement Scale for Innovativeness (INNO)
The CFA is conducted in two phases, initial value and 
final value as per the result generated for Innovativeness 
(INNO). Total 7 items were identified from the literature. 
The initial values for model fit indices are Cmin/df – 6.002, 
RMR – 0.167, GFI – 0.676, NFI – 0.593, and CFI – 0.624.
The initial values do not satisfy the cut off for the model 
fit indices (RMR > 0.01, GFI, CFI < 0.9, Cmin/df> 0.5). 
In step 1 the items loading less than 0.5 were dropped, 
hence based on the standardised regression weights 3 
items INNO1, INNO2, and INNO3weredropped. The 
GFI value was modified to 0.999 from 0.676 and the 
CFI to 0.996 from 0.624 which is nearer to the suggested 
value of > 0.9 (Joreskog & Sorbom, 1989). Further the 
other fit indices viz., Cmin/df, RMR were also found to 
be satisfactory. As it was seen that further deletion of 
any item will not affect the output values and thus the 
nearby optimum value was achieved. Fig. 5indicates final 
validated model for Innovativeness (INNO). 
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0.875 and the CFI to 0.990 from 0.738 which is nearer to 
the suggested value of > 0.9 (Joreskog & Sorbom, 1989). 
Further the other fit indices viz., Cmin/df, RMR were 
also found to be satisfactory. As it was seen that further 
deletion of any item will not affect the output values 
and thus the nearby optimum value was achieved. Fig. 6 
indicates final validated model for Insecurity (INSC). 
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total of 10 items were identified from the literature. The 



Validating the Measurement Constructs Affecting the Technology Adoption in Indian Mobile Banking Industry       31

initial values for model fit indices are Cmin/df – 8.235, 
RMR – 0.159, GFI – 0.778, NFI – 0.735, and CFI – 0.739. 
The initial values do not satisfy the cut off for the model 
fit indices (RMR > 0.01, GFI, CFI < 0.9, Cmin/df> 0.5). 
In step 1 the items loading less than 0.5 were dropped, 
hence based on the standardised regression weights 1 
item OPT7 was dropped. The GFI value was modified to 
0.956 from 0.778 and the CFI to 0.990 from 0.739 which 
is nearer to the suggested value of > 0.9 (Joreskog & 
Sorbom, 1989). Further the other fit indices viz., Cmin/df, 
RMR were also found to be satisfactory. As it was seen 
that further deletion of any item will not affect the output 
values and thus the nearby optimum value was achieved. 
Fig. 7 indicates final validated model for Optimism 
(OPTI).
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Measurement Scale for Perceived Ease of Use 
(PEU)
The CFA is conducted in two phases, initial value and 
final value as per the result generated for Perceived Ease 
of Use (PEU).Total 4 items were identified from the 
literature. The initial values are Cmin/df – 1.813, RMR 
– 0.019, GFI – 0.991, NFI – 0.990, and CFI – 0.995.At 
the initial phase, only the values of the model fit indices 
satisfy the given cut offs (RMR > 0.01, GFI, CFI < 0.9, 
Cmin/df> 0.5). Fig. 8 indicates final validated model for 
Perceived Ease of Use (PEU).
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(PR).Total 6 items were identified from the literature. The 
initial values are Cmin/df – 2.792, RMR – 0.029, GFI – 
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only the values of the model fit indices satisfy the given 
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Risk (PR)

Measurement Scale for Perceived Usefulness 
(PU)
The CFA is conducted in two phases, initial value and final 
value as per the result generated for Perceived Usefulness 
(PU).Total 5 items were identified from the literature. 
In step 1 items are dropped based on the loading values 
but for the identified construct all the items were loading 
above cut off, the Risk (PR). The initial values are Cmin/
df – 7.301, RMR – 0.060, GFI – 0.827, NFI – 0.711, and 
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CFI – 0.894.Thus for this construct step 2 was followed 
in which covariance was drawn among the error term on 
same factors to improve the fit measures as suggested by 
the modification index resulting in higher modification 
values. The GFI value was modified to 0.979 from 0.7827 
and the CFI to 0.978 from 0.894 which is nearer to the 
suggested value of > 0.9 (Joreskog & Sorbom, 1989). 
Further the other fit indices viz., Cmin/df, RMR were 
also found to be satisfactory. As it was seen that further 
deletion of any item will not affect the output values and 
thus the nearby optimum value was achieved. Fig. 10 
indicates final validated model for Perceived Usefulness 
(PU).
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Fig. 11:    Final Validated Model for Subjective  
Norms (SN)

Conclusions
This paper strives to contribute to the literature by 
developing, validating measuring scale for identified 
constructs Optimism (OPTI), Innovativeness (INNO), 
Insecurity (INSC), Discomfort (DISC), Perceived 
Usefulness (PU), Perceived Ease of Use (PEU), 
Perceived Risk (PR), Subjective Norms (SN), Attitude 
(ATTI), Behavioural Control (BC), and Behavioural 
Intention (BI). This paper tests the validity of the 
measurement scales which will enable the bankers to 
improve their mobile banking. The major contribution 
of the paper is the development of a set of constructs as 
well as a rigorously validated measurement instrument 
for collecting data in further studies. The confirmation 
process is according to the typical standards of scale 
development (Raghunathan et al., 1999; Sethi & King, 
1994; Anderson & Gerbing, 1988). The instrument 
developed in this paper is parsimonious and will be of 
use to researchers who could extend the previous studies 
of acceptance of mobile technologies and provide greater 
insights into mobile banking technologies on the basis 
of personal traits of technology readiness. This paper 
validates TRI measurement scale with banking context 
and also enriches generalisation of TRI integrated model 
which will make the decision maker to understand the 
consumer psychology towards technology adoption.

The findings from this research can be used by banks 
to improve mobile banking facilities and to identify 
those factors that can either contribute to the failure or 
success of the mobile banking industry and this could be 
further used for decision making. Several implications 
for researchers and banks can be drawn from the results 
of this research. From a theoretical point of view, this 
research will contribute to the knowledge of applying 
TAM to predict Customers’ intention of new technology 
adoption. The other construct, investigate in this 
research will express the significance while explaining 
customer’s behaviour intentions toward mobile banking. 
As for managerial applications, findings on technological 
personalities of optimism, innovativeness and security 
will encourage banks providing with additional insights. 
It will highlight the constructs that banks will be able to 
repel to provide more importance to mitigate customer 
worry and resistance about the technology use and hence 
encourage and expedite the adoption process.
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